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Contributions



Data Example



Data Annotation Pipeline
•Annotation Pipeline

• Annotators
• 2D keypoints

• Inspectors: 
• fit 3D SMAL model

• Semi-interactive
• 3 rounds annotate-

then-examine



Fitting SMAL to images

SMAL model parameter: Π(𝛽, 𝛼, 𝑡)

shape pose translation

Optimize:



Dataset Summary



Baselines

•3059 Training & 320 test images

•For experiments with synthetic data, we pre-train the models for 100 epochs. For training on real data, all the 
models are trained for 1000 epochs (around 24k iterations).
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Inspired by [31], which utilize rendered images from CAD model of animals to boost the model 
performance on 2D tasks, we synthesize 45k images using SMALR [49] and select 40k for training and 5k 
for testing models, respectively, before fine-tuning them on Animal3D. 

From Synthetic to Real



Qualitative Results


